Simulation of the aerosol size distribution using a neural network surrogate for the Modal Aerosol Module (MAMY)
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Observing System (GEOS) without adding prohibitive
computational expense. MAMnet, can be driven by output from
a single moment, mass-based, aerosol scheme (Goddard
Chemistry Aerosol and Radiation model (GOCART)) or from
reanalysis products (Modern-Era Retrospective analysis for
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